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Development of a Four-Wheel Steering Scale Vehicle
for Research and Education on Autonomous

Vehicle Motion Control
Christopher Rother , Zhaodong Zhou , and Jun Chen , Senior Member, IEEE

Abstract—Autonomous vehicle motion control development re-
quires testing and evaluation at all stages of the process. The
development phase involving the instrumentation and operation
of a full-size vehicle can be especially costly. Scale vehicles have
been developed in the literature to serve as a cost-effective tran-
sition from testing in a simulation environment to a physical sys-
tem. However, the existing scale vehicle platforms do not support
four-wheel steering and cannot isolate the performance of motion
control algorithms from other modules such as perception and
path planning. This letter closes this gap by proposing a new scale
vehicle platform, called JetRacer-4WS, based on the open-source
JetRacer autonomous vehicle with additional modifications to sup-
port four-wheel steering, model predictive control-based path fol-
lowing, and high-precision ultrasonic-based real-time positioning.
The proposed JetRacer-4WS can be used as a low-cost platform
for both research and education on motion control, path following,
and vehicle dynamics. We describe the design of JetRacer-4WS,
and experimentally demonstrate JetRacer-4WS’ ability to perform
controller auto-tuning and illustrate the advantage of four-wheel
steering. We also show that JetRacer-4WS can be used as a val-
idation platform for testing advanced control algorithms such as
event-triggered model predictive control.

Index Terms—Scale vehicles, autonomous vehicles, model
predictive control, event-triggered control, motion control, path
following, four-wheel steering.

I. INTRODUCTION

MODEL predictive control (MPC) has been widely studied
in the field of autonomous vehicle (AV) [1], [2], [3].

During the early stages in the design/development process, a
relatively simple simulation environment is generally used to
ensure functionality and give an indication of the expected per-
formance of MPC. See [4], [5], [6] for example, where a simple
MATLAB simulation environment or high-fidelity CARLA [5]
are used to test and validate MPC.

Transitioning the testing and evaluation process of an MPC
system into a physical environment by instrumenting full-size
vehicles and using controlled testing facilities can be costly [7].
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Fig. 1. Proposed scale AV platform with four-wheel steering capability.

To address this issue, scale vehicles have been developed in
recent years to demonstrate autonomous driving (AD) capabil-
ity [8], [9], [10], [11], [12], [13]. Using a scale vehicle platform
allows engineers to perform initial hardware evaluations and to
debug issues involved with using physical controllers, sensors,
and actuators. For example, the scale vehicles presented in [11],
[12], [13] feature end-to-end AD technology, where AI methods
are used to generate control outputs directly from the sensor
inputs. More traditional methods that involve separate environ-
ment perception, path planning, and motion control components
are used in the scale vehicles presented in [8], [9], [10], [11],
which results in a greater correlation to current automotive
technology. Such scale vehicle platforms can also be used in
several education activities due to their low-cost nature [8], [10].

However, there are several limitations associated with these
existing platforms. First, existing platforms only include front
steering mechanism [9], [10], [11], [12], [13]. As four-wheel
steering can potentially provide better maneuverability at low
speed and stability at high speed [14], it is very important to
have a scale vehicle platform with four-wheel steering capability
for research and education. Second, all the platforms found in
literature [8], [9], [10], [11], [12], [13] focus on the system-level
capability that integrates perception, path planning, and control
(either modularly or end-to-end). Such platforms can be very
helpful for system-level testing, but at the same time are of
limited use for testing of motion control algorithms only. To
address these limitations, this letter presents a new scale vehicle
platform, based on the open-source JetRacer [13], for research
and education on AV controls, specifically for MPC-based mo-
tion control. The proposed vehicle, which is shown in Fig. 1
and will be referred to as the JetRacer-4WS for the remainder
of the letter, has four-wheel steering capability allowing early
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TABLE I
COMPARISON OF THE PROPOSED JETRACER-4WS WITH EXISTING SCALE VEHICLE PLATFORMS

stage testing and validation of MPC-based motion control algo-
rithms with active rear steering functionality. Moreover, the plat-
form is designed primarily to test and evaluate motion control
algorithms and therefore can isolate the error of the mo-
tion control module from those of perception and path
planning.

To provide ground truth on real-time vehicle state informa-
tion such as position and velocity, a Marvelmind positioning
system [15] is added to the scale vehicle to provide vehicle
localization as feedback to the control module. Note that using
such a positioning system (as opposed to an onboard camera)
can ensure the performance of control systems to be independent
of the perception module. In addition, the proposed JetRacer-
4WS is experimentally demonstrated for its ability to perform
controller auto-tuning and to serve as a validation platform for
advanced control algorithms such as event-triggered MPC. In
particular, MPC is an optimal control technique that solves a
constrained optimization problem for every control loop based
on a dynamical prediction model over a finite prediction horizon.
Moreover, event-triggered MPC [16], [17], [18], [19], [20], [21]
is also demonstrated in the proposed platform, which aims to re-
duce the computational burden of conventional MPC by solving
the OCP aperiodically. In other words, the event-triggered MPC
solves the optimization problem only when an event is triggered,
or equivalently when the control error exceeds a predefined
threshold. The aforementioned references on event-triggered
MPC have been focused on the theoretical development and
simulation-based validation of event-triggered MPC. However,
an experimental validation on event-triggered MPC-based path
following has not been reported in literature. Here we demon-
strate the capability of the JetRacer-4WS as a cost-effective
testing and evaluation platform for advanced motion control
methods, by experimentally validating event-triggered MPC-
based path following.

The contribution of this letter is summarized as follows.
1) We develop a new scale vehicle platform with four-wheel

steering capability, where front wheels and rear wheels
can be independently controlled.

2) The performance of AV motion control is isolated from
perception and path planning through the use of a high-
precision positioning system.

3) We experimentally demonstrate the proposed platform’s
ability to perform controller auto-tuning and to serve as a
validation platform for advanced control algorithms such
as event-triggered MPC. The advantage of four-wheel
steering is clearly shown, together with the benefits of
using event-triggered MPC to balance computation and
control performance.

The remainder of the letter is organized as follows. Sec-
tion II discusses and compares several existing platforms, while
Sections III and IV describe the hardware and control design
of the proposed JetRacer-4WS, respectively. Section V presents
several experiments to demonstrate the capability of JetRacer-
4WS, while the letter is concluded in Section VI.

II. EXISTING PLATFORMS

In recent years, several scale vehicle platforms have been
developed for AV research and education. As mentioned earlier,
most of them focus on full AD capability, including perception,
path planning, and motion control (either modularly or end-to-
end). Table I lists and compares several existing scale vehicle
platforms that are similar to JetRacer-4WS.

The Duckiebot [8] is an open-source platform for autonomy
research and education. Each Duckiebot is equipped with on-
board camera for perception and a lane-keeping control module.
Duckietown, an emulated city, is also available for testing the
navigation capability of Duckiebot. The steering mechanism
of Duckiebot is, however, a simple two-wheel differential and
therefore does not fully emulate vehicle dynamics, a critical
aspect for AV motion control.

The MIT Racecar [9] is developed primarily for high school
education, and makes utilization of high-end perception sensors
including camera, Lidar, and IMU. Simple PID-based steering
control is implemented for ease of use by high school students.
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The cost, as estimated in [10], is roughly $3,000 and therefore
can hinder wide use for a large group of users.

The ASIMcar [10] is a highly capable, open-source scale ve-
hicle platform suitable to demonstrate full AD capability as well
as motion control only. The onboard sensors include both a front
and a rear camera with 1-d Lidar. In addition, an overhead high-
speed camera is installed to serve as a vision-based positioning
system. The cost is also comparable to JetRacer-4WS, but it
lacks rear steering capability and the vision-based positioning
system can only be used indoors.

The F1/10 [11] is a widely used platform and perhaps has
the most community support among all the existing platforms.
Similar to ASIMcar, F1/10 also uses NVIDIA Jetson TX2,
providing powerful onboard computation for end-to-end AD
techniques. The cost is the highest among all platforms reviewed,
which is affordable for research but hinders a wider use for
educational activities such as class projects.

Another scale vehicle platform based on 1/10 RC car is
developed in [12], with the primary purpose of demonstrating
end-to-end AD through convolutional neural network (CNN).
Both camera and ultrasonic sensor are installed to proide input
to the CNN model, which is run on a low-cost Raspberry Pi 4.
The cost is unknown.

The JetRacer [13] is an open-source, flexible, and low-cost
scale vehicle platform suitable for AV research and education.
The onboard computation is through an NVIDIA Jetson Nano,
which has low cost and wide community support. A wide angle
camera is the only onboard perception sensor, providing raw
video feed to the neural network model. The platform has
been widely used for educational activities due to its intuitive
interface to build customized end-to-end AD technology. As
described in the next section, the proposed JetRacer-4WS is
based on JetRacer, which will be extended to include additional
functionality on rear steering, MPC-based path following, and
ultrasonic-based positioning system.

There are other mobile robot platforms that are low-cost and
designed for both research and education, such as Pheeno [23]
and r-one [24]. However, since their primary purpose is on
robotic manipulation rather than AD, their details are omitted
here. Furthermore, as summarized in Table I, all these exist-
ing platforms use either two-wheel differential or front-wheel
Ackermann as steering mechanisms and therefore are not suit-
able for research and education on four-wheel steering control.
Furthermore, most of them focus on testing AD as a whole,
and can not be used for testing motion control only. Note that
ASIMcar [10] also allows testing motion control algorithms
in isolation using the overhead camera as a global positioning
system. However, it can only be used indoors, and therefore
is not suitable for either high-speed testing or large track. The
proposed JetRacer-4WS fills these gaps and can be used for
indoor and outdoor research and education on four-wheel motion
control. The detailed designs of JetRacer-4WS is given in the
next section.

III. JETRACER-4WS HARDWARE DESIGN

This section provides details related to the hardware design
of the proposed JetRacer-4WS platform, including its chassis,
steering, electronic, and positioning system.

a) Chassis: The JetRacer-4WS platform, based on the
open-source JetRacer [13], is built from a 1/10th scale Tamiya
TT-02 RC car. The overall configuration is depicted in Fig. 1.

Fig. 2. (a) Standard front wheel steering assembly for the Tamiya TT-02 RC
car. (b) Custom rear wheel steering assembly.

The vehicle is driven by a 72 W electric motor powering all
four wheels through open differentials, and the motor speed is
controlled by a Tamiya electronic speed controller (ESC). A
servo multiplexer (switched from the RC transmitter) is used
to select if the RC transmitter/receiver or the Jetson Nano/servo
driver module supply the control signals for the ESC and steering
servos.

b) Steering: Both front wheels and rear wheels use an
Ackermann steering system controlled by a servo motor as
shown in Fig. 2. Note that the rear steering components are
mounted behind the rear axle, as shown in Fig. 2(b), due to
the space limitation of the Tamiya TT-02 RC car chassis. To
make sure the rear steering components are mounted tightly
and durable, the original mounting points on the rear bumper
are repurposed to fasten the bell cranks using a bracket and
mounting pins that are 2D printed. Because the bell cranks are
positioned farther apart, the bell crank linkage design also has
to be lengthened to match the separation of the mounting points
and 3D printed. In addition, to fit the steering links and make
sure that the rear wheels pointing straight forward when the
rear steering linkage assembly is centered, both steering links
and drag link have to be shortened by cutting out a middle
section and reconnected with a 3D printed bracket. Since the
space for rear steering is tight, the rear steering knuckles are also
redesigned. To attach the custom rear knuckles, the original rear
suspension arms is replaced with a copy of the front suspension.
Finally, Fig. 2(b) illustrates the assembly of the rear steering
servo, suspension arms, and steering linkage components.

c) Electronic: An NVIDIA Jetson Nano Developer
Kit [13] is installed for real-time data processing and control.
A separate computer is used to interface with the Jetson Nano
through a WiFi connection using Jupyter Lab. The electronic
components are mostly connected as specified for the standard
JetRacer platform [13]. The newly added rear steering servo
connector is attached to an output on the multiplexer board. The
corresponding inputs on the multiplexer both come from the
servo driver.

d) Positioning systems: As the primary purpose of
JetRacer-4WS is to provide an affordable platform for research
and education on AV motion control, it is important to provide
ground truth of real-time vehicle state information to the control
systems as to isolate the performance of control from those of
perception and path planning, etc. In this regard, a Marvelmind
positioning system [15] is installed to provide real-time mea-
surement of vehicle position, velocity, heading angle, etc. The
installed Marvelmind position system, which is shown in Fig. 3,
is based on ultrasonic and has high precision of up to ±2 cm
error, accurate enough for scale vehicles. Note that alternative
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Fig. 3. Overview of the testing track with Marvelmind positioning system.

TABLE II
SUMMARY BILL OF MATERIALS FOR JETRACER-4WS

positioning systems could be developed using an overhead cam-
era to track the vehicle with computer vision methods [10] or
an RTK GPS unit for outdoor testing [25], [26]. The selected
Marvelmind system has the benefit of working in both indoors
and outdoors, as well as being cost-effective, as discussed
below.

Remark 1: All of the proposed JetRacer-4WS components
can typically be found for around $850. Table II lists the bill
of materials for the proposed scale vehicle platform.1 Note
that the Marvelmind system used for positioning is between
$450-500, which is excluded from Table II since it can be used
for a fleet of scale vehicles. Moreover, the cost-effectiveness
of JetRacer-4WS is clearly shown by Table I. Therefore, the
proposed JetRacer-4WS can be very advantageous in reducing
cost of controls testing and evaluation as well as in serving as
an educational platform for a large group of users.

IV. JETRACER-4WS CONTROL DESIGN

This section provides details related to the control design of
the proposed JetRacer-4WS platform, including an MPC-based
path following controller, an event-triggered MPC that reduces
the computational load of conventional MPC approach, and a
controller auto-tunning mechanism.

A. MPC-Based Path Following Design

To enable four-wheel steering control, a path following con-
troller based on MPC is designed and implemented, which
requires a prediction model to predict system evolution over a

1Based on the market price as of Fall 2021.

Fig. 4. Illustration of a kinematic bicycle model with rear steering.

prediction horizon. For JetRacer-4WS, the following kinematic
bicycle model [14] is used, as also shown in Fig. 4.

ṗx = V cos(ψ + β) (1a)

ṗy = V sin(ψ + β) (1b)

ψ̇ =
V cos(β)

Lxf + Lxr
(tan(δf )− tan(δr)) (1c)

β = arctan

(
Lxf tan(δr) + Lxr tan(δf )

Lxf + Lxr

)
, (1d)

where px and py are the vehicle longitudinal and lateral posi-
tions, respectively, and ψ is the vehicle yaw angle, all in the
global frame; β is the vehicle slip angle; V is the velocity of the
vehicle’s center of gravity; Lxf and Lxr are the distances from
the center of gravity to the front and rear axles; δf and δr are the
front and rear steering angles.

The state vector can be compactly denoted as x(t) =[
px, py, ψ

]T
, and the control vector can be compactly denoted

as u(t) =
[
δf , δr

]T
. Note that for a conventional two-wheel

steering system with front steering only, the rear steering angle
δr is fixed to zero, and the control vector reduces to u(t) = δf .
Note that a dynamic vehicle model has been widely utilized
in literature for MPC-based path following [27], [28] for high
speed scenarios. However, since vehicle speed is usually low
for the scale vehicle, a kinematic model without tire model
is selected here. At each time step, MPC solves the following
optimal control problem (OCP):

min
u

p∑
k=1

||xk − xrk||2Qx
+

p−1∑
k=0

||uk||2Qu

+

p−1∑
k=0

||uk − uk−1||2Qd
(2a)

s.t. xk+1 = f(xk, uk), k = 0, . . . , p− 1 (2b)

umin ≤ uk ≤ umax, k = 0, . . . , p− 1 (2c)

Δmin ≤ uk − uk−1 ≤ Δmax, k = 0, . . . , p− 1 (2d)

where the first term in the cost function (2a) penalizes deviation
from the desired path xrk, the second term discourages large
steering angles, and the third term minimizes the steering angle
rate of change, p is the prediction horizon, matrices Qx, Qu,
and Qd are tuning parameters. Note that the last two terms are
necessary to ensure stability. The system dynamic constraint (2b)
can be obtained by discretizing the kinematic vehicle dynamics
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Algorithm 1: Event-Triggered MPC [4].
1: procedure EMPC(x, k, Ut1 , Xt1 )
2: k ← k + 1;
3: e← computing (3);
4: if e = 1 then
5: k ← 0;
6: (Xt, Ut)← Solving OCP (2);
7: u← Ut(1);
8: Ut1 ← Ut;
9: Xt1 ← Xt;

10: else
11: u← Ut1(k + 1);
12: end if
13: return u, k, Ut1 , Xt1
14: end procedure

(1) through forward Euler [29]. The sampling time used in this
letter is 200 ms. Finally, physical constraints (2c) and (2d) are the
input constraint and input change rate constraint, respectively.

The above kinematic bicycle model (1), together with the OCP
(2), are coded using Jupyter Lab. Note that the OCP (2) is solved
by using the MPCTools package and CasADi, which are open-
source optimization tools described in [29], [30]. Moreover, we
have made the entire software of the proposed JetRacer-4WS
open source and available at: https://github.com/jchenee2015/
jetracer-4WS.

B. Event-Triggered MPC-Based Path Following

To reduce the computation complexity of MPC, event-
triggered MPC has been proposed in literature [16], [17], [18],
[19], [20], [21], especially for AV path following problem [4],
[31], [32]. For event-triggered MPC, MPC is triggered to formu-
late and solve the OCP (2) only when it is needed, as opposed
to being time-triggered at a fixed sampling rate. Here we con-
sider the following event-trigger mechanism, which is adopted
from [16], [31], [32]. At sampling time t, an event e is defined by

e =

{
1 if dy > σ or k > kmax

0 Otherwise , (3)

where k is such that t = t1 + kTs with Ts being the sampling
time, and σ and kmax are calibration parameters that influence
the event frequency. In other words, the event trigger e is set
only if the current step number k exceeds a threshold kmax, or
when the vehicle’s displacement dy from the nearest point in
the desired path exceeds a predefined threshold σ.

Furthermore, an event-triggered MPC solves the OCP (2) only
when e = 1. When e = 0, the control action can be determined
using the optimal sequence Ut1 computed at last event [33], i.e.,

u =

{
Solution of (2) if e = 1
Ut1(k + 1) Otherwise . (4)

Furthermore, it is trivial to see that kmax < p, and otherwise (4)
can be undefined. Algorithm 1 summarizes the event-triggered
MPC for each sampling time t, where X and U denote the
sequences of xk and uk, k = 0, . . . , p− 1, with their subscripts
denoting the timing when X and U are calculated.

C. Controller Auto-Tuning

There are many parameters in an MPC-based motion control
system (2) that can impact its control performance, including the
length of the prediction horizon, calibration of the cost function
(2a), and bounds for the control parameters. To auto-tune these
parameters, a controller auto-tuning framework is developed,
with a specific focus on auto-tuning of the gains Qx, Qu, and
Qd for the cost function (2a). Moreover, since only their relative
magnitude impacts the solution of (2), Qx can be assumed to
be fixed, and only Qu and Qd need to be auto-tuned. Note that
the JetRacer-4WS platform can function with either four-wheel
steering or two-wheel steering modes (by fixing the rear steering
command at 0). For the two-wheel steering mode, the control
input u = δf is a scalar, and so areQu andQd. Therefore in this
case, there are two calibration parameters to determine. On the
other hand, for the four-wheel steering mode, the control input

u =
[
δf , δr

]T
has a dimension of 2. By assuming both Qu and

Qd are diagonal matrices, there are then 4 calibration parameters
to determine in this case.

To auto-tune the MPC-based motion controller, Design of
Experiments (DoE) methods can be used to generate a test
matrix, which includes a list of candidate calibrations to be
tested. Several DoE methods can be used to generate such a test
matrix. Full factorial design will provide the most coverage over
design space. However, when the number of test points is small,
it may place many points on the edges of the design space and
cause the step sizes between points in the interior of the design
space to be too coarse. In this work, Latin Hypercube [34] is used,
which populates the design space by attempting to maximize the
minimum distance between test points. Once the DoE test matrix
is populated (see Section V for more details), an auto-tuning
script is used to automatically iterate through the DoE test matrix
and apply each calibration for a set time. Between each iteration,
the first calibration (known to function reasonably well from
hand calibration or previous DoE results) is re-applied for 20
seconds to allow the system to return to a reasonable starting
position.

V. EXPERIMENTAL RESULTS

Two types of experiments were conducted to evaluate
JetRacer-4WS’ ability to perform motion controller auto-tuning
as well as to serve as a validation platform for testing advanced
motion control algorithms such as event-triggered MPC. In
both experiments, the JetRacer-4WS is set to track an oval
in the counter-clockwise direction, as shown in Fig. 3. Note
that the marker in Fig. 3 is for visual illustration only, as the
reference path is predetermined using Marvelmind and saved
to the control system to ensure consistency and comparability
of subsequent test results. The maximum angle for the both
front and rear wheels is ±0.2 rd. The maximum front wheel
change rate is ±0.04 rd and the maximum rear wheel change
rate is ±0.02 rd per time step. The prediction horizon p is set to
10 according to prior work [4] to balance the computation and
control performance.

A. Controller Auto-Tuning Results

Figs. 5 and 6 plot the test matrices generated by the Latin
Hypercube method discussed in Section IV-C for two-wheel
and four-wheel steering modes, respectively, which are tested
by the auto-tuning script discussed earlier. Note that the list of
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Fig. 5. Latin hypercube test matrix for two-wheel steering mode.

Fig. 6. Latin hypercube test matrix for four-wheel steering mode.

TABLE III
DOE RESULTS FOR TWO-WHEEL STEERING MPC. UNIT: METER

calibration can also be found in Tables III and IV. Note also
that the upper and lower bounds on Figs. 5 and 6 are chosen,
based on manual calibration with the control system, so that a
reasonably large space can be explored while focusing on testing
points with reasonable performance.

Table III presents the experiment results for two-wheel steer-
ing and Table IV for four-wheel steering. Note that the root
mean square error (RMSE) and maximum error, both on lateral
offset, are calculated for each calibration’s best lap around
the track. In order to determine the best calibrations, a simple
index I = RMSE +MaxError is calculated, whereRMSE
and MaxError are normalized with respect to the smallest

TABLE IV
DOE RESULTS FOR FOUR-WHEEL STEERING MPC. UNIT: METER

Fig. 7. Path following results for two-wheel and four-wheel steering modes.

value. Note that in both Tables III and IV, the top performing
calibrations based on the cost index are marked in bold. In
addition, Fig. 7 plots the path following performance for both
two-wheel and four-wheel steering MPC with their respective
best calibration, i.e., Qd = 5.60 and Qu = 2.20 for two-wheel
steering MPC and Qdf = 1.55, Qdr = 4.00, Quf = 1.40 and
Qur = 3.35 for four-wheel steering MPC.

The test results presented in Tables III, IV, and Fig. 7 show
that the best calibrations from the four-wheel steering MPC-
based path following controller are able to outperform the best
calibrations from the two-wheel steering system, with the index
I equals 2.01 for four-wheel steering and 2.94 for two-wheel
steering. It is worth noting that, as shown in Fig. 7, the test
track used in this letter has a small turning radius of 0.8 m,
which approaches the maximum achievable turning radius by the
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TABLE V
EXPERIMENTAL RESULTS FOR TWO-WHEEL EVENT-TRIGGERED MPC

TABLE VI
EXPERIMENTAL RESULTS FOR FOUR-WHEEL EVENT-TRIGGERED MPC

Fig. 8. Performance of two-wheel v.s. four-wheel event-triggered MPC. Solid:
two-wheel steering; Dash: four-wheel steering.

two-wheel steering geometry. Therefore, the results presented
in this letter suggest that implementing independent four-wheel
steering MPC could see performance improvements in parking
lots and other challenging driving scenarios that require high
agility. A similar test is performed on a larger track with radius
of 1.5 m, where four-wheel steering MPC still outperforms
two-wheel steering MPC, with I being 2.02 with rear steering
and 2.15 without. Therefore, for a normal driving scenario, the
performances of two-wheel steering and four-wheel steering are
very comparable.

B. Event-Triggered MPC-Based Path Following Results

Experiments on both two-wheel and four-wheel steering
event-triggered MPC are tested with various threshold σ on a
test track of radium of 0.8 m.2 Results are shown in Tables V
and VI and Figs. 8 and 9. Note that the same metrics are
used to determine the path following performance, including
RMSE, maximum offset, and the cost index calculated I from
these values. In addition, the relative computational load can

2Same experiments on a large track with a radius of 1.5 m were also conducted
with similar conclusion. Due to space limitation, the results on large track can
be found at project Github page.

Fig. 9. Events of two-wheel event-triggered MPC. Left axis: two-wheel steer-
ing; Right axis: four-wheel steering.

be compared using the event-trigger frequency, which is the
percentage that e = 1. Note that σ = 0 here corresponds to the
case of time-triggered MPC path following, which are copied
from Tables III and IV, respectively, to serve as a baseline. As
can be seen, in most cases, the increase of event-trigger threshold
σ will reduce MPC computation load with a lower event-trigger
frequency, while negatively impacting the path following per-
formance with worse RMSE and Max Error. In other words, as σ
increases, both event-trigger frequency and performance index
I increase, indicating an unavoidable performance degradation.
However, as can be seen from Fig. 8, when σ ≤ 0.025, such
control performance degradation is very minimal compared to
the baseline time-triggered MPC (i.e., when σ = 0), while up to
10% computation reduction can be expected (Tables III and IV
and Fig. 9). Furthermore, according to Fig. 8, the advantage of
using four-wheel steering is clearly illustrated, where four-wheel
steering results in much smaller later errors in call cases. Finally,
Fig. 9 compares the events in two-wheel and four-wheel modes.
As can be seen, similar event patterns can be found in these two
steering modes.

Remark 2: Compared to the simulation results in [4], where
up to 50% computation reduction for event-triggered MPC path
following can be expected, the experimental results presented
here seem to be less promising. This can be attributed to the
presence of random noise in a physical vehicle system, but
at the same time this experiment provides more realistic val-
idation results, which suggest that a simple threshold-based
event-trigger mechanism may not be sufficient. Therefore, more
sophisticated event-trigger mechanisms, such as reinforcement
learning-based event-triggered MPC [31], will be tested in
JetRacer-4WS as future work. Nonetheless, the experiments
conducted here demonstrate the capability of JetRacer-4WS as
a validation platform for advanced motion control algorithms,
providing more realistic results compared to simulation and
incurring less expense compared to full-scale vehicle testing.
It is also worth mentioning that, reducing computation by 10%
without incurring major control performance degradation can be
significant in enhancing automotive systems as more advanced
algorithm can now be implemented in low cost micro-controller.
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VI. CONCLUSION

This letter presents a cost-effective scale vehicle platform
(named as JetRacer-4WS) with four-wheel steering capabil-
ity for research and education on autonomous vehicle motion
control, path following, and vehicle dynamics. Introducing a
scale vehicle into the controls development process is meant
to reduce the time and expense associated with instrumenting
and testing using a full-size vehicle, and the proposed JetRacer-
4WS addresses several limitations of existing scale vehicle
platforms. Model predictive control (MPC) for both two-wheel
and four-wheel steering are implemented using a kinematic
bicycle model. Experiments on motion controller auto-tuning
and event-triggered MPC validation are conducted to illustrate
JetRacer-4WS’ ability and versatility. Experimental results show
that JetRacer-4WS can provide more realistic results compared
to simulation and at the same time incur less expense com-
pared to full-scale vehicle testing. The developed software is
open-sourced and available at GitHub. Future work includes
testing path following performance of additional motion con-
trol methods such as reinforcement learning, reinforcement
learning-based event-triggered MPC, and a wholistic MPC to
control both steering and throttle.
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